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| attended Frontiers in Cancer Science 2024 conference in
Singapore, which is one of the premier cancer conferences
- : organised in the Asia Pacific region. More than 600 delegates
”""‘““'(;‘Rsmw, i attended the conference over 3 days, with a number of
i ~ international speakers from all over the world (e.g., USA,
Belgium, Australia, etc.). The conference was themed to
R bring together cancer researchers with complementary
knowledge and expertise from across the globe for the
exchange of ideas and information. Some of the key invited
speakers included Prof Douglas Green, Prof Katy Rezvani,
Prof Sarah-Maria Fendt, Prof Zemin Zhang, Prof Vinod
Balachandran, Prof Jeffrey Miller, Prof Luc Morris.
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. One of the key areas where the conference ended up

converging was on different cancer immunotherapies and

Presenting my poster during poster session | immunomodulatory approaches. Some key talks on NK cell

at the conference. based therapies, adaptive T cell therapies, cancer vaccines

and also microbiome based immune modulation were major

highlights of the conference. Apart from that, cancer metabolism and its emerging role as a
therapeutic vulnerability in cancer was also another big area of discussion.

| gained number of new ideas for my own research at USYD. Although conference was not directly
focused on pancreatic cancer, which is my area of research interest, there were number of interesting
complementary research talks (e.g., in cancer metabolism) which are very useful for our research. |
met Prof Vinod Balachandran who was pioneered mRNA vaccine therapy in pancreatic cancer
patients, and learning from his experience and approach was fascinating. We are now planning to
invite him to Australia from the International Association of Pancreatology Meeting in 2025, which |
am co-organising.

Some of the new methodologies which were used by researchers in their talks were fascinating (e.g.,
MALDI-MS based metabolomics) and will be very interesting for us to incorporate in our research.
We will look into implementing such techniques in our research projects in near future.

Some of the keynote speakers demonstrated how their initial discovery research has been finally
translated to clinic, e.g., initial identification of neo-antigens in pancreatic cancer patients who had
immune hot tumours (<10% of patients), led to idea of developing vaccines against neoantigens in PC
patients who have immune cold tumours (90% of patients). This has now undergone Phase | trials with
promising outcomes and Phase Il trials are now underway. Similar, NK cell based therapies in AML
patients and development of allogenic products (instead of autologous) has brought down the cost
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and time of these therapies tremendously and will benefit
patients. These stories with clinical translation outcomes will
be very inspiring for SCP membership.

This was my first international conference since COVID pandemic and was a very good experience.
Meeting researchers from different cancer research areas was a personal highlight for me.
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